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Magnetic Pole Shape Optimization Using the Genetic

Algorithm-Neural Network Computing

Akio KiMURA* and Tomoyuki MATSUZAKA**

Abstract

Various methods have been presented for the optimization in the magnetic field problems. This paper describes
a shape optimization of a magnetic pole using the neural network together with the genetic algorithm. This method
estimates synapse weights of the neural network using the genetic algorithm. The structure of the neural network
is three-layer structure, and the effect of a bit array of crossover of the gene in the chromosome is examined.
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