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A Consideration for using Tweets referred to Hachinohe

as a Social Sensor

— Analysis by Latent Dirichlet Allocation —

HASEGAWA Kaito", SHIMAUCHI Hirokazu'"and TAKEYAMA Yasushi® ™

ABSTRACT

In this paper, the tweets referred to Hachinohe were analyzed, that were tweeted in October 2020.
The total 35,459 tweets that include the word “Hachinohe” were collected by Twitter API with Python.

For analyzing the user base, the topics in user profiles are extracted by Latent Dirichlet Allocation,

a probabilistic language model. Latent Dirichlet Allocation was adapted to the tweets for analyzing

the topics in the tweets referred to Hachinohe. The results conclude that the direction of utilizing the

tweets could be considered as a social sensor for Hachinohe.
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